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Real-life data is often affected by noise. To cope with this issue, classification techniques robust to noisy data are needed. Bayesian approaches are known to be fairly robust to noise. However, to compute probability estimates state-of-the-art Bayesian approaches adopt a lazy pattern-based strategy, which shows some limitations when coping data affected by a notable amount of noise. This paper proposes RIB (Robust Itemset-based Bayesian classifier), a novel eager and pattern-based Bayesian classifier which discovers frequent itemsets from training data and exploits them to build accurate probability estimates. Enforcing a minimum frequency of occurrence on the considered itemsets reduces the sensitivity of the probability estimates to noise. Furthermore, learning a Bayesian Network that also considers high-order dependences among data usually neglected by traditional Bayesian approaches appears to be more robust to noise and data overfitting than selecting a small subset of patterns tailored to each test instance. The experiments demonstrate that RIB is, on average, more accurate than most state-of-the-art classifiers, Bayesian and not, on benchmark datasets in which different kinds and levels of noise are injected. Furthermore, its performance on the same datasets prior to noise injection is competitive with that of state-of-the-art classifiers.



RIB: A Robust Itemset-based Bayesian approach to classification / Baralis, ELENA MARIA; Cagliero, Luca. - In: KNOWLEDGE-BASED SYSTEMS. - ISSN 0950-7051. - STAMPA. - 71:(2014), pp. 366-375. [10.1016/j.knosys.2014.08.015]
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				Abstract

				Real-life data is often affected by noise. To cope with this issue, classification techniques robust to noisy data are needed. Bayesian approaches are known to be fairly robust to noise. However, to compute probability estimates state-of-the-art Bayesian approaches adopt a lazy pattern-based strategy, which shows some limitations when coping data affected by a notable amount of noise. This paper proposes RIB (Robust Itemset-based Bayesian classifier), a novel eager and pattern-based Bayesian classifier which discovers frequent itemsets from training data and exploits them to build accurate probability estimates. Enforcing a minimum frequency of occurrence on the considered itemsets reduces the sensitivity of the probability estimates to noise. Furthermore, learning a Bayesian Network that also considers high-order dependences among data usually neglected by traditional Bayesian approaches appears to be more robust to noise and data overfitting than selecting a small subset of patterns tailored to each test instance. The experiments demonstrate that RIB is, on average, more accurate than most state-of-the-art classifiers, Bayesian and not, on benchmark datasets in which different kinds and levels of noise are injected. Furthermore, its performance on the same datasets prior to noise injection is competitive with that of state-of-the-art classifiers.
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					simulazione ASN

					
				

				
					Il report seguente simula gli indicatori relativi alla propria produzione scientifica in relazione alle soglie ASN 2023-2025 del proprio SC/SSD. Si ricorda che il superamento dei valori soglia (almeno 2 su 3) è requisito necessario ma non sufficiente al conseguimento dell'abilitazione.
La simulazione si basa sui dati IRIS e sugli indicatori bibliometrici alla data indicata e non tiene conto di eventuali periodi di congedo obbligatorio, che in sede di domanda ASN danno diritto a incrementi percentuali dei valori. La simulazione può differire dall'esito di un’eventuale domanda ASN sia per errori di catalogazione e/o dati mancanti in IRIS, sia per la variabilità dei dati bibliometrici nel tempo. Si consideri che Anvur calcola i valori degli indicatori all'ultima data utile per la presentazione delle domande.

La presente simulazione è stata realizzata sulla base delle specifiche raccolte sul tavolo ER del Focus Group IRIS coordinato dall’Università di Modena e Reggio Emilia e delle regole riportate nel DM 589/2018 e allegata Tabella A. Cineca, l’Università di Modena e Reggio Emilia e il Focus Group IRIS non si assumono alcuna responsabilità in merito all’uso che il diretto interessato o terzi faranno della simulazione. Si specifica inoltre che la simulazione contiene calcoli effettuati con dati e algoritmi di pubblico dominio e deve quindi essere considerata come un mero ausilio al calcolo svolgibile manualmente o con strumenti equivalenti.

				
					Annulla
					procedi
				

			

		

	


		
		
			
				Errore

										
			

								
				
					Errore

					

				

			

		

	
	





		
	

	


	
		Powered by IRIS	-	about IRIS	-	Utilizzo dei cookie	-	Privacy	

	
		





	[image: Logo CINECA]
	
 Copyright © 2024 

